16. CLASS OF (G135 - ESTIMATORS IN THE THEORY OF EXPERIMENTAL
DESIGN, WHEN THE DESIGN MATRIX IS UNKNOWN

In this section we deal with problems of experimental design under the G-condition

lim sup m,n~1 < oo.
n—oo

Such a condition occurs when the number m of unknown parameters is large, and the
number of experiments n has the same order. Given the G-condition, the evaluation of
every separate parameter a; yields under some standard conditions the value ¢;n~1/2,
where ¢y is some constant. In some cases, the total evaluation error is cymn~1/2,

In view of the above, it seems that it is impossible to obtain consistent estimators
under the G-condition. However, for many problems it is necessary to evaluate not the
parameters a;, but some function of these parameters f (a,...,a,;). But it turns out
that in many cases it is possible to find the limit of this function as n — oo;

limsup |f (a1,...,am) —g(a1,...,am)| =0.

The function g is known and can be obtained as the solution of some equation.
This function ¢ differs from the true function f, but when these two functions are
known, we can find the G-estimator G(a1, ..., Gy, ) of function f(ay,...,am) such that
in probability or with probability one, the following limit is valid

limsup |G (G1, ..., Gm) — f(a1,...,am)| = 0.

n—oo

A brief outline of applications of the G-analysis methods described in this section fol-
lows.

16.1. Gi6 -estimator of regression models errors. The resolvent method in
the theory of experiment design, when the design matrix is random

Let us consider the regression model
j=Xé+¢& Ef=0, Eee' =R,,,, EX=A

where X is a random matrix, A is a known matrix and the distribution of the matrix
X is unknown. Only a simple characteristic of this distribution is known, namely:
the entries of the matrix X are independent and their variances are equal to certain
constants. Consider a regularized estimator of parameters of this linear regression model

G = (ol + XTX) " X7y, (16.1)

Suppose that we have performed experimental design under the random matrix X,
which does not depend on the random vector &. Then

G—y=0—{al+XTX} " X7
Let «a =0, E&; =0, Covee; = niléij and pliminf A\, {XTX} > 0. We have
E (6=l X} =n T {XTX} "
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Such an expression is inconvenient for finding a minimum on some set of matrices
X, since X is a random matrix. It can happen that this matrix will be ill-posed with
a positive probability. Therefore it is very important that under general conditions
this expression converges to some nonrandom expression, which is more convenient
for finding the optimum design. We introduce here the G4 estimator of this error
E {16~ Gall,_o | X}:

G16 = bn (0) )
where real analytic function b, (), « > 0 satisfies the following equation

1 1 -1 mp
b (@) = ~1Tr {1[1 + by (@)] + (1 =) + mb(a)AAT} = <L

We mean here the Gg—estimator of the expression for E {||¢ — ¢l | X }.
THEOREM 16.1. If for every n the random entries x;; of the matrix X are independent,

Exzij = ajj, Varz; =n"', limsupm,'n <1, E|(zi—a;)v/n|**°

n—oo

<e< oo, §>0,

0<c < )\k(AAT) < ey < 0,

then
p m[E {|¢ = Culla=o | X} — Gig] = 0.

n—oo

16.2. G4 -estimator of regression models errors. The resolvent method in
the theory of experiment design, when the design matrix is an observation
of a certain random matrix

Let us consider the regression model

’lj: A5+g, Ee= 6, EggT = Rnlna

where A is a matrix.
Here, under the same conditions as in the previous section, we consider the following
quality criterion of the least squares estimator

E {||e— ullo_g} = n ' Tr {ATA} "

Suppose that we do not know the matrix A, but we have one observation of the
matrix X, where X is a random matrix not depending on random vector £ such that
E X = A. Then the G4 estimator of this error, n='Tr(AT A)~1, is equal to:

B (elspl pC ) ‘
Gi6(B,C,u+iv) = i/ { / Im Gg7(z)eltzf’dt}e"’(””‘odp7 v > 0.
0 c

T )
Here the Gar-estimator of Stieltjes’ transform (see Section 27)

® (Z,AAT) =m 'Tr [AAT — 2l ] -
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is by definition the following expression:
. . —1
Gar (0, XXT) = ¢ (9 (2) ,XXT) [1 e (9 (2) ,XXT)] ,
where 0 (z) is the measurable solution of the Ga7 equation
R 1 R -1 2
—0(2) {1 + o [XXT —0(2) Imn} }

v (1 - %) {1 + %Tr [XXT —0(z) Imn} 1} =2,

z=t+1is, s > c and c is a certain constant.

THEOREM 16.2. If the conditions of Theorem 16.1 are fulfilled, then

lim lim lim plim|n*1Tr(ATA)71 — G6(B,C,0+ iy)| =0.

v|0 B—oo C—00 n—oo

16.3. The G4 -estimator of regularized regression models errors.
The resolvent method in the theory of experiment design,
when the design matrix is random

Let us consider the regression model

j=Xé+¢& Ef=0, Eée' =R, , EX=A

where X is a random matrix, A is a known matrix and the distribution of the matrix
X is unknown. Only simple characteristics of this distribution are known, namely:
the entries of the matrix X are independent and their variances are equal to certain
constants. Consider a regularized estimator of parameters of this linear regression model

G = (ol + XTX) " X7, (16.2)

Suppose that we have performed experimental design under the random matrix X,
which does not depend on random vector €. Then

E—n=c—{al +X"X} ' XTy
—e—{al + XXV ' XTxe— {al + XTX)} ' XTE
—afal + XTX} 'e—{al + XTX} ' X7z

Suppose that the unknown vector ¢ satisfies the inequality ¢’ D¢ < 1, where D is a
positive defined symmetric matrix. Then we can use the spectral theory of estimation
of unknown parameters [Gir84] to find the following regression model error:

max E (€— &) (= &) = aAmax {D*W‘ {al + XTx1 72 D*l/z‘}

+Tr {ol + XTX} * X"RX.

For simplification we have assumed D = I. Now we transform this expression to
such a form for which it will be easy to apply the methods of GSA:
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max E (C—¢,)(C—73n) = oz{oz—i—)\min [XTX}}72

& De<1

o _ -1
— 5" 'Tr {al + X7 (I+9R) X} .

For further simplification we will assume that R = In~! and matrix z satisfies
the conditions of Theorem 16.1. Then the G4 estimator of regression model error is
introduced as follows:

by, (@)

Oa +bn (@),

G16 :a[a+ﬁ1]_2—|—a

where

+ vg

3=

m
Z :

Qp — U
h—1 k s

p1 =maxq 0, (1-7) [1—

and v, are certain real solutions of the Ly equation (see Chapter 4)

- v - v 1—~
-y 7= _ v b,
m (o — ;) |Jc=1 m (o — ’Ui)2‘| Iy %
kzlmak—w,

ay are the eigenvalues of the matrix AAT and b, (o) satisfies the following equation

1 1 -t m
b = —TrI[l+~b 1-— ———AAT =— <1
(@) = ST @4 (=) + s AdT) =
Under certain conditions the following assertion can be proven:
THEOREM 16.3. If for every n, random components of the vector €7 = {e1,...,&,} are
independent, Ee; =0, Ec?2=n"1 i=1,....n,0<ci <m,n~ ! <ey <1,

ai(AAT) <c3,i=1,....m,D=1,

and the entries of the matrix X satisfy the conditions of Theorem 16.1, then

: N N
nlin;o Gle—glgglE(c—ca) (C—Ca)| =0.

16.4. G4 -estimator of regularized regression models errors. The resolvent
method in the theory of experimental design, when the design matrix is a
realization of a certain random matrix

Let us consider the regression model
j=A¢+¢& E&=0, EcE’ = R,,,.
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In this case, in the expression

max E(-¢,)(c—Cu)=a {a + Amin [ATA] }_2
9

_ —1
_ 87711 "Tr {al + A" (I +9R) A}'yzO ,ao > 0.

a matrix A is unknown, but we know a realization of random matrix X = A + =, and
we want to estimate this expression for the unknown matrix A. Here the G1g-estimator
is equal to

0G27 (OL)
Jda

where the Gor-estimator of Stieltjes’ transform (see Section 27)

G16 = [Oé + Ggéin] -2 + « + G27 (Ot) ;

o (2, AAT) = m ' Tr [AAT - 21,,.]
is by definition the following expression:

Gor (z,XXT) = (é (2) ,XXT) [1 + v (é (2) 7XXTH B ,

0 (=) is the measurable solution of the Ga7 equation
. 1 . —1)2
—0(2) {1 + Ty [XXT —0(2) Imn} }
n
my, 1 T A -
+ (1 - T) {1 + o [XX - O(Z)Imn} } _—

GSUn is a consistent estimator for minimal eigenvalues vy, = Amin (AAT) of the matrix
AAT which equals the minimal measurable solution x of the equation (see Section 28)

B glspl A _ ) ?
i / / Im Go7 (2) e Pdt 3 e PE=iE)qp .
0 T J-A

Under certain conditions the following assertion can be proven

Amin (XXT) =2 {1 —Re

THEOREM 16.4. If for every n, random components of vector &1 = {ey,...,e,} are
independent, E¢; = 0, EEZ2 =n 1 i=1,...,n,0<c <myn ' <ec <1,
Q; (AAT) <cg, i=1,...,m,
and the matrix X satisfies the conditions of Theorem 16.1, then
lim |G N[ AT AN 2 — Lol + AT+ R)AY | =0
nl_)n;o 16 — a{a + min[ ]} - %n I'{Oé + ( +’y ) }’y:O -
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